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Abstract

Predicting the game result using kick distribu-
tions is studied in this paper. Although it is
not possible to exactly know a strategy that
a team is taking, that strategy might be well
represented by how the players in the team kick
the ball during games. Passes and dribbles that
are made during a game are extracted to form
a kick distribution. It is assumed that the kick
distribution represents the strategy of a team.
A series of computational experiments are con-
ducted in order to examine the performance of

the proposed method.
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0 3: kick distribution that is obtained from a game
between opuSCOM and UvA _Trilearn
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O 1: Game results with UvA _Trilearn, BrainStormers,
HELIOS and WrightEagle
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O 4: Clustering result for kick distributions of opponents
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O 5: Clustering result for kick distributions of opuS-
COM
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O 6: Clustering result for kick distributions of opuS-
COM and opponents
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O 2: Game results with UvA_Trilearn, BrainStormers,
HELIOS and WrightEagle
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O 7: Labels of clusters : opponent team’s kick distribu-

tion
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O 8: Labels of clusters : our team’s kick distribution
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O 3: The number of correct
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O 9: Labels of clusters : both team’s kick distribution
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